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Textual Analysis
u Word Counts, Sentence Counts, and Phrase Counts
u Readability Indices (Difficult to Read and Comprehend)
u Tone of a Document (Positive, Negative)
u Tone Dispersion ( Concentrated or Dispersed)
u Word Variation from Year to Year
u Risk Assessment Models

n Risk in General
n Financial Risk, Litigation Risk, Tax Risk
n Idiosyncratic Risk & Systemic Risk
n Fraud Risk, etc.

u Market Competition using Proximity Counter





Textual Analysis:
Seven Readability 

Indices



Readability Indices
1. Gunning-Fog Index https://en.wikipedia.org/wiki/Gunning_fog_index

2. Smog Index https://en.wikipedia.org/wiki/SMOG

3. Flesch Reading Ease https://en.wikipedia.org/wiki/Flesch–
Kincaid_readability_tests

4. Flesch-Kincaid Grade Level https://en.wikipedia.org/wiki/Flesch–
Kincaid_readability_tests

5. Automated Readability Index 
https://en.wikipedia.org/wiki/Automated_readability_index

6. Coleman-Liau Index https://en.wikipedia.org/wiki/Coleman–Liau_index

7. Bog Index https://kelley.iu.edu/bpm/activities/bogindex.html

https://en.wikipedia.org/wiki/Gunning_fog_index
https://en.wikipedia.org/wiki/SMOG
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Automated_readability_index
https://en.wikipedia.org/wiki/Coleman%E2%80%93Liau_index
https://kelley.iu.edu/bpm/activities/bogindex.html


1. Gunning-Fog Index
(Robert Gunning, 1952)

Gunning-Fog Index  =  0.4[(Words/Sentences) 
+ 100(Complex words/Words)]

u 17 College graduate
u 16 College senior
u - - - -
u 12 High school senior
u - - - -
u 10 High school sophomore
u - - - -
u 6 Sixth grade



2. Smog Index

Grade = 1.043 number of polysyllables 30
number of sentences

 

           + 3.1291



3. Flesch Reading Ease
(Technical Materials, developed under a contract

to the U.S. Navy in 1975 )

Flesch reading ease
= 206.835 -1.015(total words/total sentences)

- 84.6(total syllables/total words)
Scores
u 100.00-90.00, 5th grade.
u 90.0–80.0, 6th grade
u - - - -
u 30.0–0.0,  College Graduate - Very difficult to read. 



4. Flesch-Kincaid Grade Level
(extensively used in the field of education)

Flesch-Kincaid Grade Level   
= 0.39(total words/total sentences)
+ 11.8(total syllables/total words)
- 15.59

Scores relate to the US Grade levels



5. Automated Readability Index

Automated Readability Index (ARI)
= 4.71(characters/words)
+ 0.5(words/sentences) – 21.43

where characters is the number of letters and numbers, 
words is the number of spaces, and sentences is the number 
of sentences.



6. Coleman-Liau Index

Coleman-Liau Index = 0.0588L -0.296S – 15.8

L is the average number of letters per 100 words 
and S is the average number of sentences per 100 
words, i.e.,
L = 100(Letters/Words)
S = 100(Sentences/Words)



7. Bog Index

A plain English measure of financial 
reporting readability 

by 
Bonsall IV, Leone, Rennekamp

in 
Journal of Accounting and Economics, 63 

(2017) pp. 329–357 



Example: Readability Indices
for Satyam and WIPRO

Satyam Textual Analysisç

Year 2008 2007 2006 2005 2004 2003 2002
Total Word Count 81258 85673 80785 58473 67858 70837 259828
Total Word Count without 
numerics 74833 79145 74881 54641 60675 63526 227833
Sentence Count 2642 2770 2575 1966 2175 2368 5770
Gunning-Fog Index 21.6 21.6 21.6 20.8 20.8 20.4 20
Smog Index 18.666 18.762 18.73 18.459 18.394 18.18 13.618
Flesch Reading Ease 21.777 21.777 22.212 22.893 22.92 23.236 51.699
Flesch-Kincaid Grade Level 17.281 17.344 17.411 17.001 17.014 16.704 16.962
Automated Readability Index 17.759 17.819 17.908 17.316 17.383 16.964 13.404
Coleman-Liau Index 14.439 14.357 14.145 14.2 14.239 14.386 0.293

WIPRO LTD
Year 2008 2007 2006 2005 2004 2003 2002

Total Word Count 93966 99464 96763 101922 87781 75005 120396
Total Word Count without 
numerics 85584 90570 88177 93798 78915 66793 104844
Sentence Count 3624 3894 3865 4080 3511 3290 4656
Gunning-Fog Index 19.2 19.2 18.4 18.8 18.4 17.6 18.4
Smog Index 17.059 16.935 16.644 16.797 16.625 16.004 16.688
Flesch Reading Ease 28.928 28.956 30.938 30.24 30.684 32.505 30.451
Flesch-Kincaid Grade Level 15.113 15.017 14.628 14.771 14.579 13.785 14.629
Automated Readability Index 15.082 15.012 14.573 14.709 14.397 13.423 14.471
Coleman-Liau Index 14.04 14.182 13.916 13.97 13.9 14.05 13.959

https://en.wikipedia.org/wiki/Gunning_fog_index
https://en.wikipedia.org/wiki/SMOG
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Automated_readability_index
https://en.wikipedia.org/wiki/Coleman%E2%80%93Liau_index
https://en.wikipedia.org/wiki/Gunning_fog_index
https://en.wikipedia.org/wiki/SMOG
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Flesch%E2%80%93Kincaid_readability_tests
https://en.wikipedia.org/wiki/Automated_readability_index
https://en.wikipedia.org/wiki/Coleman%E2%80%93Liau_index


Gunning Fog Index for Satyam
and WIPRO
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Flesch-Kincaid Readability Index 
for Satyam and WIPRO
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Gunning-Fog Index for Enron and 
Microsoft for 10K (Annual Reports)
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Smog Index for Enron and Microsoft
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Textual Analysis Features
in SeekiNF



Analytical Geometry 
Applied to 

Textual Analysis



Cosine Measure of Similarity
And

Vector Variation Score



Cosine Measure of Similarity
& Vector Variation Score

Q
A

B C

𝐂⃑ = 𝐁 - 𝐀

Cos(Q) = A. B/(|A|.|B|)

𝐕𝐞𝐜𝐭𝐨𝐫 𝐕𝐚𝐫𝐢𝐚𝐭𝐢𝐨𝐧 𝐒𝐜𝐨𝐫𝐞 = Normalized |C|
= B − A /(|A| + |B|)

Cosine Measure of Similarity 
Between 𝐀 and 𝐁 = Cos(Q); 
Q = Angle between 𝐀 and 𝐁



Cosine Measure of Similarity 
Based on Textual Analysis

u Each Word/Phrase is considered to be an axis
n Words including numbers
n Words without numbers
n Words without numbers and stop words
n Specific Phrases or words

u Problems with Cosine Measure of Similarity
n Cannot distinguish between “mike is eating apple” and “apple 

is eating mike”. They are identical under CMS.
n Use of Natural Language Processor (NPL) to distinguish such 

a situation
n Cannot distinguish between the two documents, if one 

document is just the multiple of each word in another 
document. Use of Vector Variation Score helps in such a 
situation.



Some Applications of Cosine 
Measure of Similarity

u Determining how similar two documents are
u How to classify peer groups and competitors 

based on descriptions of product attributes 
and strategies

u Find candidates for mergers and 
acquisitions based on descriptions of product 
attributes and strategies

u Assess various business risks by comparing 
the occurrences of various risk factors



Cosine Measure of Similarity

Cosine Measure of Similarity



Cosine Similarity Score for Satyam and WIPRO in Reference to 
2001 20F with all the Words Including Numbers
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Satyam Committed 
Fraud in 2005

Subsequent Changes in Cosine Similarity 
for Satyam and WIPRO for 20-F 

with all the words including Numbers
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Bancorp Inc misclassified 
certain loans during 2012-2014 and 
Restated its 10K in 2015.

Bancorp Inc.



Cosine 
Similarity 
Score For: Bancorp, Inc.
FILE TYPE : 10K

File 1 VS File 2 File 2 VS File 3
File 3 VS 
File 4

File 4 VS 
File 5

File 5 VS 
File 6

File 6 VS 
File 7

File 7 VS 
File 8

File 8 VS 
File 9

File 9 VS 
File 10

File 10 VS 
File 11 File 11 VS File 12

CIK 2019 VS 2018 2018 VS 2017
2017 VS 
2016

2016 VS 
2015

2015 VS 
2014

2014 VS 
2012

2012 VS 
2011

2011 VS 
2010

2010 VS 
2009

2009 VS 
2008 2008 VS 2007

1295401 0.997664077 0.997168298 0.99657023 0.99263956 0.9866455 0.99279141 0.99572869 0.99575684 0.99604947 0.99592561 0.9959804

File 1 https://www.sec.gov/Archives/edgar/data/1295401/0001295401-19-000040-index.html
File 2 https://www.sec.gov/Archives/edgar/data/1295401/0001562762-18-000100-index.html
File 3 https://www.sec.gov/Archives/edgar/data/1295401/0001295401-17-000002-index.html
File 4 https://www.sec.gov/Archives/edgar/data/1295401/0001295401-16-000017-index.html
File 5 https://www.sec.gov/Archives/edgar/data/1295401/0001295401-15-000005-index.html
File 6 https://www.sec.gov/Archives/edgar/data/1295401/0001295401-14-000003-index.html
File 7 https://www.sec.gov/Archives/edgar/data/1295401/0000950159-12-000151-index.html
File 8 https://www.sec.gov/Archives/edgar/data/1295401/0000950159-11-000137-index.html
File 9 https://www.sec.gov/Archives/edgar/data/1295401/0000950159-10-000205-index.html
File 10 https://www.sec.gov/Archives/edgar/data/1295401/0001193125-09-059928-index.html
File 11 https://www.sec.gov/Archives/edgar/data/1295401/0001193125-08-059003-index.html
File 12 https://www.sec.gov/Archives/edgar/data/1295401/0001193125-07-056963-index.html

Cosine Years Cosine
2019 VS 2018 0.997664077
2018 VS 2017 0.997168298
2017 VS 2016 0.996570225
2016 VS 2015 0.992639558
2015 VS 2014 0.986645505
2014 VS 2012 0.992791407
2012 VS 2011 0.995728688
2011 VS 2010 0.99575684
2010 VS 2009 0.99604947
2009 VS 2008 0.995925613
2008 VS 2007 0.995980397
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Cosine Measure of Similarity 
Versus

Vector Variation Score



Cosine Measure of Similarity
& Vector Variation Score

Q

A

B C

𝐂⃑ = 𝐁 - 𝐀

Cos(Q) = A. B/(|A|.|B|)

𝐕𝐞𝐜𝐭𝐨𝐫 𝐕𝐚𝐫𝐢𝐚𝐭𝐢𝐨𝐧 𝐒𝐜𝐨𝐫𝐞 = Normalized |C|
= B − A /(|A| + |B|)

Cosine Measure of Similarity 
Between 𝐀 and 𝐁 = Cos(Q); 
Q = Angle between 𝐀 and 𝐁



Cosine Similarity and Vector Variation Scores for
Satyam and Wipro for 20F in Reference to 2001 with Words 

without Numbers and Stop Words.
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Satyam Committed 
Fraud in 2005
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Word Variation
From

One Year to Another



Enron

Enron Wholesale operates in developed markets such as North America 

and Europe , as well as developing

Broadband Services also makes investments in companies with related 

technologies and with the potential for capital appreciation.

Enron Wholesale operates in developed markets such as North America and Europe , as well

as developing or newly deregulating markets including South America , India



Average Reduced Frequency 
(ARF)

i.e.,
Tone Dispersion



Illustration of Average 
Reduced Frequency (ARF)

Calculation 
u Assume a document containing 60 words, 5 of which are 

positive tone words. Let us represent positive tone words by 
the plus sign (+),and non-tone words by a hyphen (-).

u The entire document is divided into five corpus each 
containing 12 words.

u Five Positive tone words are at locations: 0, 11, 13, 16, 56.

u +----------+|-+--+-------|------------|------------|---------+---|     RF=3/5

u RF represents the number of corpus containing the Tone 
words divided by the total number of corpus.

u Calculate various RFs for the cases where each subsequent 
corpus distribution is moved one word towards right, and so 
on.  



Average Reduced Frequency

AD
JU

ST
ED

 T
ON

E 
DI

SP
ER

SI
ON

(A
ve

ra
ge

 R
ed

uc
ed

 F
re

qu
en

cy
, A

RF
)

Al
le

e 
an

d 
De

 A
ng

el
is,

 JA
R 

(2
01

5)

ARF =
 (3

/5+
3/5

+3/5
+3/5

+3/5
+2/5

+2/5
+2/5

+2/5
+3/5

+3/5
+3/5

)/1
2 =

 0.5
3



The Structure of Voluntary Disclosure Narratives: Evidence from Tone Dispersion
(K. D. ALLEE and M. D . DEANGELIS, JAR Vol. 53, No. 2, 2015, p.241)  



Risk Sentiment (RS) of 10K 
by Feng Li 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=898181

“Do Stock Market Investors Understand the Risk 
Sentiment of Corporate Annual Reports?”
Important Findings
1. Increase in RS is associated with Lower Future Earnings
2. Firms with a larger increase in risk sentiment have more 

negative earnings changes in the next year
3. Firms with a large increase in RS experience significantly 

negative returns relative to those firms with little increase 
in risk sentiment in the twelve months after the annual 
report filing date.

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=898181


Risk Sentiment measure 
by Feng Li

u Definition of Risk Sentiment:
n RSt = ln(1+NRt)

where NRt is the numbers of occurrence of risk-related words 
in year t.

u The key words used to measure the Risk Sentiment of 10K 
are:
n risk”, “risks”, “risky”, “uncertain”, “uncertainty”, and “uncertainties 

u Change of risk sentiment as
n ΔRSt = ln(1+NRt) − ln(1 + NRt−1)

where NRt and NRt−1 are the numbers of occurrence of risk-
related words in year t and year t − 1 respectively.
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Risk Sentiments using Item 1A
by Campbell, Chen, Dhaliwal, Lu, and Steele 

https://link.springer.com/article/10.1007/s11142-013-9258-3

u Financial Risk
u Litigation Risk
u Tax Risk
u Idiosyncratic Risk (specific to company)
u Systematic Risk (economy wide risk)
u Overall Risk

https://link.springer.com/article/10.1007/s11142-013-9258-3


The information content of mandatory risk 
factor disclosures in corporate filings 

(Item 1A)
by

John L. Campbell • Hsinchun Chen •
Dan S. Dhaliwal • Hsin-min Lu • Logan B. Steele

In 
Rev Account Stud (2014) 19:396–455



Word List for Financial Risk



Word List for Litigation Risk



Word List for Litigation Risk



§ Risk Sentiment (Feng Li Model) 
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=898181

§ Risk Sentiments (Campbell et al. Model) 
https://link.springer.com/article/10.1007/s11142-013-9258-3

§ Risk Sentiment (Financial)
§ Risk Sentiment (Legal and Regulatory, i.e., 

Litigation)
§ Risk Sentiment (Tax)
§ Risk Sentiment (Systematic, economy)
§ Risk Sentiment (Idiosyncratic, specific to firm)
§ Risk Sentiment (Overall)

Risk Sentiment Metrics using 
SeekiNF with Built-in Features

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=898181
https://link.springer.com/article/10.1007/s11142-013-9258-3


Risk Sentiment Metrics using 
SeekiNF with Built-in Features

u Step 1: Type “a|the|of” without quotes
u Step 2: Input a set of companies CIKs or 

leave the default “All” and select the period
u Step 3: Select the desired resolution from 

“Paragraph (All)”, “Footnote” and “MD&A”
u Step 4: Select the Filings desired from, 10K, 

10Q, 20F and 40F and their amendments.





Display Window



Output in CSV File
CIK COMPANY NAME DATE FILING 

TYPE SECLINK 
TOTAL 
WORD 
COUNT 
(TWC)

TOTAL 
WORD 
COUNT 

WITHOUT 
NUMERICS 
(TWCWN) 

SENTENCE 
COUNT 

GUNNIN
G-FOG 
INDEX

SMOG 
INDEX

FLESCH 
READING 

EASE

FLESCH-
KINCAID 
GRADE 
LEVEL

AUTOMATED 
READABILITY 

INDEX

COLEMAN-
LIAU 

INDEX

1000232

KENTUCKY 
BANCSHARES INC 
/KY/ 3/10/20 10-K

https://www.sec
.gov/Archives/e
dgar/data/1000
232/000155837
0-20-002327-
index.html 43319 38548 1309 22.8 19.619 16.912 18.226 19.141 15.498

RS FENG LI 
- COUNT 

(NR)

RS 
FINANCIAL 
- COUNT 

(NR)

RS 
LITIGATION 

- COUNT 
(NR)

RS TAX -
COUNT 
(NR)

RS 
SYSTEMATIC -
COUNT (NR)

RS 
IDIOSYNCRATIC 
- COUNT (NR)

RS 
OVERALL -

COUNT 
(NR)

RS FENG LI 
- LN(1+NR)

RS 
FINANCIAL -
LN(1+NR)

RS 
LITIGATION -

LN(1+NR)
RS TAX -
LN(1+NR)

RS 
SYSTEMATIC -

LN(1+NR)

RS 
IDIOSYNCRATIC 

- LN(1+NR)

RS 
OVERALL -
LN(1+NR)

176 617 227 112 598 407 1961 5.176 6.426 5.429 4.727 6.395 6.011 7.582

RS FENG LI -
NR PERCENT 

TWC

RS 
FINANCIAL -

NR 
PERCENT 

TWC

RS 
LITIGATION 

- NR 
PERCENT 

TWC

RS TAX -
NR 

PERCENT 
TWC

RS 
SYSTEMATIC 

- NR 
PERCENT 

TWC

RS 
IDIOSYNCRATIC -

NR PERCENT 
TWC

RS 
OVERALL -

NR 
PERCENT 

TWC

RS FENG LI 
- NR 

PERCENT 
TWCWN

RS 
FINANCIAL -

NR 
PERCENT 
TWCWN

RS 
LITIGATION 

- NR 
PERCENT 
TWCWN

RS TAX -
NR 

PERCENT 
TWCWN

RS 
SYSTEMATIC 

- NR 
PERCENT 
TWCWN

RS 
IDIOSYNCRATIC 
- NR PERCENT 

TWCWN

RS 
OVERALL -

NR 
PERCENT 
TWCWN

0.406 1.424 0.524 0.259 1.38 0.94 4.527 0.457 1.601 0.589 0.291 1.551 1.056 5.087

https://www.sec.gov/Archives/edgar/data/1000232/0001558370-20-002327-index.html


Seven Risk Sentiments 
in SeekiNF

u 10Ks, 10Qs, and their amendments  (paragraph, all)

u 10Ks, 10Qs, and their amendments (Footnotes)

u 10Ks, 10Qs, and their amendments (MD&A)

u Item 1A of 10K (paragraph, all)

u 20Fs and 40Fs, and their amendments (paragraph)



Risk Sentiments for Hertz
Based on 10K
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“We may never become  profitable” in 10K 
with Going Concern Opinion by Year



Example: Graph of Going Concern
Opinions by Year



Measure of 
Competition



Measure of Competition
Li, Lundholm, and Minnis JAR, 2013, p. 399

Li, Lundholm, and Minnis (2013) develop a model to compute 
management's perception of the intensity of competition using 
textual analysis of firms’ 10-K filings. 
u Measure of competition varies across-industry and within-industry
u It is related to the firm’s future rates of diminishing marginal 

returns. 
u This measure is based on the count of the number of words like 

“competition, competitor, competitive, compete, competing,” 
including those words with an "s" appended, less any case where 
"not," "less," "few," or "limited" precedes the word by three or 
fewer words.

PCTCOMP = 1000*NCOMP/NWORDS
where NCOMP = number of words in 10-K as described above 
and NWORDS = Total number of words without numbers. 



Competition Metric for Five companies for 10 years



Text Mining: Fraud Risk Assessment 
Model using Nonfinancial Measures

Brazel, Jones, and Zimbelman (JAR, December 2009)

Del Global Technologies (1997, Fraud)
Income: Overstated $3.7 million.
Revenue: 25% from PY.
Employees: 6% (440 to 412)
Distribution Dealers:      38% (400 to 250)

Fischer Imaging Corp (1997, No Fraud):
Revenue:            27%
Employees:         20%
Distribution Dealers:      7%



Financial and Non-Financial 
Information from a Line



Corporate Governance
Effectiveness of Board of Directors

Interesting Issues
u Independence

n CEO and Chairman of the BOD
u Competence

n No Financial Expertise in the Board or Audit 
Committee

u Activity
n Number of Meeting of BOD, Audit Committee, 

and Risk Committee



Unique Databases Available
Corporate Governance Related databases:
1. CEO is Chairman of the BOD for 1994-2019. 
2. No Financial Expertise in BOD for 1994-2019.
3. Number of Audit Committee Meetings for 1994-2018. 
4. Number of Board of Directors Meetings for 1994-2018.
5. Number of Risk Committee Meetings for 1994-2018. 
Other Databases:
6. Compensation and Executive Bio from DEF 14A for 2003-

2020.
7. Compensation and Executive Bios from Form 424Bs, 2003-

2020.
8. Public Float Value from Annual Reports, 1994-2020.
9. Accounting and Finance Executives who Signed 10Ks
10.Subsidiaries database by year and country (1994-2020). 



Unique Databases Available
11.Conference calls (who said what?), 1994-2020, from SEC 

Filings.
12.Company specific information for the years 1994-2018 from 

10Ks such as: CIK, Company Name, Business Address, Mailing 
Address, Filing Date, Date Accepted, Period of Report, IRS No., 
State of Incorporation, Fiscal Year End.

13.File Analyses for all 10Ks and 10Qs for 25 years (1994-
2018): Word Count, Word Count without Numeric, Total 
Number of Sentences, and six readability indices.

14.Database based on Forms 3, and 4. 
15.Competition Metrics for all companies based on 10K Filings 

(1994-2020).
16.Companies with Going Concern Opinion, 1994-2020 



Additional Databases That 
One Can Create

In addition to the previously listed databases, one can create, 
in a matter of seconds, the following databases: 
1. All Audit Opinion types such as clean opinion and 

going concern opinion
2. Audit Fees from DEF 14A
3. Which Institutional Investor invests where through 

N-Q and N-CSR
4. many more such databases. Let me know if you or your 

colleagues would like to know how to create such 
databases using SeekiNF.



2019-2020 Subscribers
1. Arizona State University
2. Australian National University, 

Canberra, AU
3. Bentley University, Boston
4. Brock University, Canada
5. City University of Hong Kong
6. Fordham University,  
7. IIM-Ahmadabad, India  
8. Louisiana Tech University
9. Macquarie University, Sydney, AU
10. McMaster University, Canada
11. Nanyang Technological Univ, 

Singapore
12. National Central University, 

Taiwan
13. Rutgers University – Newark
14. Southern Illinois University
15. University of Alabama–Huntsville

u University of Arkansas
u University of Chicago
u University of Illinois-Chicago
u University of Louisville
u University of Kansas
u University of Nebraska - Lincoln
u University of Queensland, Australia
u University of Southern California
u University of Sydney, Sydney, AU
u University of Texas-San Antonio
u Univ. of Waterloo, Canada
u Villanova University
u Washington Univ., St. Louis
u Xavier University
u Yale University





Anytime, Anywhere!
SEC Filings & PCAOB Reports

at
Your Fingertips

in Seconds



Access SeekiNF using
uiPad

uSmart Phone
uLaptop
uDesktop

Anytime, Anywhere, at Your Fingertips!



19 million Filings
and

35 million Documents
(1994-2021) 

Daily Updated

Anytime, Anywhere, at Your Fingertips!



A Complete System! Second 
to None!!

With its own Database
&

Incredible Search Engine.
You have to try it to believe it! 

Anytime, Anywhere, at Your Fingertips!



Search All Filings by
• Paragraphs (All)
• Tables & Footnotes
• Audit Reports
• SOX 404 Reports

• MD&A

Anytime, Anywhere, at Your Fingertips!



Search All Filings by

Anytime, Anywhere, at Your Fingertips!



Search by

Anytime, Anywhere, at Your Fingertips!



Unique Features for Textual Analysis
§ Word count, Word count without numbers, Sentence count, 

available for all documents
§ Proximity counter with Order and without Order, available for all 

documents
§ Word Distribution, available for all documents
§ Six Readability Indices, available for all documents
§ Risk Sentiments metrics (Financial Risk, Litigation Risk, Tax Risk, 

Idiosyncratic Risk, System Risk, and Overall Risk) for 10Ks, and 10Qs, 
Item 1A, MD&A and Footnotes in 10Ks and 10Qs.

§ Cosine Measure of Similarity, within company and for one company 
versus another, available for all the SEC filings and PCAOB Reports. See 
the user's guide at https://www.seekedgar.com/UserGuide.pdf for 
interesting fraud related examples.

§ Word Variation, year-to-year, all documents 

https://www.seekedgar.com/UserGuide.pdf


Additional Unique Features
§ Use Boolean Logic to search for information with multiple 

words/phrases with no Stop Words.
§ Obtain Unique financial information such as Air Traffic 

Liability, Fuel Hedge Contracts, etc. in a matter of seconds.
§ Display few words before & few words after a phrase.
§ Extract any number, financial or non-financial, mentioned in 

a line in a document in Excel such as number of active 
patents.

§ Download Results of all your searches including tables, and 
snippets in Excel and HTML documents.

§ Get the entire document of a specific type by typing “a | 
the | of” without the quotes in Step 1.



1. Boolean Logic (use + for AND, | for OR, - for Negation)
u Multiple Exact phrases (with no stop words)
u With all of the phrases/words (use A + B + C)
u With at least one of the phrases/words (use A | B | C)
u Without certain phrases/words (A - B, with A but not B)

u Examples (No hyphen, instead use space, e.g., risk-free as risk free)
u Chairman of the Board of Directors, Chief Executive Officer and President | 

Chairman of the Board of Directors and Chief Executive Officer | Chief Executive Officer 
and Chairman of the Board of Directors | President, CEO and Chairman of the Board of 
Directors | CEO and Chairman of the Board of Directors| Chairman of the Board and 
Chief Executive Officer | Chairman of the Board and Chief Executive Officer in Table in 
all 10K types, got 21,940 for 1994-2017, in Table in 10 Ks in 28 seconds.

u We do not have a qualified financial expert serving on our board of directors | We 
do not have an audit committee financial expert serving on our Board of Directors | No 
member of our Board of Directors qualifies as an audit committee financial expert in 
Exact Phrase, Paragraph, 2 minutes got 309 hits.

Unique Search Features
(Not Available from any Data Provider)



More Examples of Phrase 
Searches Using Boolean Logic 

u For Going Concern Opinions: (We have audited | I have 
audited) + (substantial doubt about| substantial doubts 
about | substantial doubts regarding | substantial 
doubt regarding) + going concern (Try 1994 and 2018)

u For Clean Opinion: (We have audited  | I have audited) + 
present fairly + in all material respects - (substantial 
doubt about| substantial doubts about | substantial doubts 
regarding | substantial doubt regarding) - going concern

u Audit Fees: audit fee | audit fees | audit related fees | 
audit related fee in Exact Phrase, Table, in DEF 14A

u Phrase Counter: Litigation and Litigation Counts, Try for 
2019

u futures + options + swaps + hedging, Paragraph, in10K 
u (block chain | blockchain | distributed ledger) - chain link



2. Wild Card Search (works only with all of the words 
feature, Example: Risk*)

3. Proximity Search (two or more words 
within few words)

§ Compensation data (Bonus Salary, within 2 words, table, DEF 14A)
§ Executive bios (Name age within 2 words, table in DEF 14A)
§ Who signed 10Ks, etc. (title signature within 4 words, table, 10Ks)
§ Who invests where (Uber Preferred within 10 words in Table, All)
§ Infosys shares value within 300 words in Table in N-CSR and NQ 

(Institutional investors)
§ Who all institutional investors have invested in General Motors, Exact 

Phrase: General Motors, Proximity: shares value within 2 words, Table, N-
CSR and N-Q.

Unique Search Features
(Not Available from any Data Providers)



Unique Search Features
(Not Available from any Data Provider)

4. Display (few words before & after 
a phrase) 

§ Coronavirus
§ Fiscal Year End from 10K (0, 1)
§ STATE OF INCORPORATION, 10K (0, 1)
§ Accession Number, 10K (1, 0 )
§ Business addresses, 10K (0, 22)
§ audit committee met in DEF 14A (0, 1, try 0, 5)



Obtain Any Financial and 
Non-Financial Data

u Off Balance Sheet Items
u Air Traffic Liability
u Fuel Hedge Contracts
u Advertising expenses 
u Marketing expense
u Off Balance Sheet items
u R&D Tax Credit (use R D Tax Credit)
u Executive Compensation Tables
u Executive Bios



Liu and Moffitt
(Journal of Emerging Technology in Accounting, 2016) 

n Textual analysis of SEC Comments Letters and 
developed a measure of intensity based on the 
modality of comment letters.

n Observed that the intensity of comment letters is 
positively associated with the probability of a 
restatement of the reviewed 10-K filings.

n Moreover, textual analysis and text mining 
techniques provide information about companies’ 
performance that is not available otherwise.



Assessment of Financial Risk and 
Fraud Risk using Textual Analysis

u “Detect Fraud Before Catastrophe” by Lee, Churyk, and 
Clinton, Strategic Finance, March 2013, p. 33.
n Proactive content analysis techniques can help 

management accountants prevent catastrophic financial 
fallout.

u “Using Nonfinancial Measures to Assess Fraud Risk” by 
Brazel, Jones, and Zimbelman, JAR 2009, p. 1135.

u SEC: Corporate Filers Beware: New “RoboCop” is On Patrol
n Based on AQM and Text Analytics (not used yet, some 

companies are working on it)



Fraud Risk Assessment Model
using Textual Analysis

Fraud detection model based on the textual, i.e., content, 
analysis of MD&A in 10-K:

Fraudi = 2.89757 – 0.83408 (Positive Emmotioni)
– 0.48315 (Present Tensei) 
+ .0001 (Total Wordsi) 
– 2.80753(Colonsi)

“Conventional fraud detection measures using ratio analysis 
and other financial data were either unable to detect the fraud 
or unable to detect it soon enough to avoid catastrophic 
outcomes”. 

Lee, Churyk and Clinton (Strategic Finance , 2013, p. 33) 



Professor Michael Minnis
University of Chicago

“I’ve really appreciated working with SeekEdgar.

The flexibility and speed of both the search engine 
and customer service has made data collection 
easier and more thorough.

Finding examples for my financial statement 
analysis class is also a pleasure.

I recommend trying SeekEdgar for anybody looking 
for data from SEC filings



Conclusion

“Knowledge, Imagination, and Creativity 
will drive the future research, 

not the canned data”

Dr. Rajendra P. Srivastava
rsrivastava@seekedgar.com

rsrivastava@ku.edu

mailto:rsrivastava@seekedgar.com
mailto:rsrivastava@ku.edu


Thanks!!
Questions?


